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ABSTRACT 

The propose of the project is to implement a house price prediction model of some 

properties in some cities/towns in India. It's a Machine Learning (ML) model 

which analyses how housing prices fluctuate daily and are sometimes 

exaggerated rather than based on worth. I tend to study and employ some machine 

learning algorithms to train the available dataset and to correctly predict the price 

for those properties whose prices are not known. 

The major focus of this project is on extracting the genuine feature variables using 

the ML, from an existing dataset and apply ML algorithms for generating 

prediction models using factors. In this project the focus is on finding the relative 

best predictive method on the housing dataset with relative less error, thereby 

increasing accuracy. 

Through this project I intend to design an application that can get the most 

accurate price for the property after evaluating the accuracy of my ML models. 

The goal of this project is to learn Python and get experience in Data Analytics 

and Machine Learning. 
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Chapter 1 

Introduction 

The prediction of accurate housing price has become an essential task for the real-estate 

parties as there is demand for suitable property either for investment or for personal use, for 

the ever-growing demands of our country’s population.  

House prices changes every year, so it is mandatory for a structure to foresee house prices in 

the future. House price prediction can help in fixing and thereby predicting house prices and 

customer can evaluate it.  Our intension is to employ predictive modelling techniques in 

machine learning domain to accurately find out house prices using several machine learning 

techniques.  

House price depends on various factors like area, bedrooms, bathrooms, location, drawing 

room, material used in house, interiors, parking area and mainly on square feet per area. My 

intention behind proposing this paper is to employ different machine learning techniques for 

predicting the price based on these metrics.  

 

 Some of the challenges include  

 Understanding the variations that affect the house price such as the city or town 

located, new property or resale property, “ready to move in” or “under construction” 

and so on. 

 Selling of old properties is also a challenging task as it is costly to renovate all the 

property. The price of a property may be affected depending on whether it is a resale 

property or freshy launched property. 

 Data cleaning as many rows have missing data or NAN values. 

 

In this project I have selected this problem to design and provide a solution for giving the 

best possible prediction for the sale price of a particular property using machine learning 

algorithms.   

  

https://www.researchgate.net/figure/Architecture-of-the-Application_fig1_354403038
https://www.researchgate.net/figure/Architecture-of-the-Application_fig1_354403038
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Chapter 2 

Literature Survey 

In this chapter, I am discussing the important aspects of certain papers that I have referred to 

understand the problem related to prediction of house prices. In these papers the authors, are 

discussing the different machine learning techniques to solve the House price prediction 

problem. In the paper [4], the authors have discussed the house price prediction in Bangkok. 

This paper was trying to find a solution to help property dealers to evaluate the price of their 

property set and to help their customers make a purchase. 

Table 1 - Literature Review 

Pap

er 

no. 

Year Paper Title Author Machine Learning 

Algorithm implemented / 

discussed 

Commen

ts 

1 2020 An Overview of 

Real Estate 

Modelling 

Techniques for 
House Price 

Prediction 

 

Mohd, T., Jamil, N. 

S., Johari, N., 

Abdullah, L., & 

Masrom, S.  

Linear Regression 

Time Series  

None  

(Review 

Paper) 

2 2021 Ensemble of 

Supervised and 

Unsupervised 

Learning Models 
to Predict a 

Profitable 

Business 
Decision 

 

M Heidari, S Zad, S 

Rafatirad  

Linear regression (LR), 

Decision tree (DT), 

Random Forest (RF), K-

nearest neighbour (KNN), 
Partial least square (PLS), 

Naïve bayes (NB), Multiple 

regression analysis 
(MRA),Spatial Analysis 

(SA),  

Gradient boosting (GB),  
Ridge Regression, Lasso 

Regression and Ensemble 

learning model (ELM).  

 

3 2018 Identifying Real 
Estate 

Opportunities 

Using Machine 
Learning [5] 

 

Baldominos, 
Alejandro, et al 

 Public 
listing in 

Spain  

4 2021 House Price and 

Renovation 
Prediction 

Analysis Using 

Different 
Machine 

Learning 

Algorithms[3] 

M. Naga Srinivasa 

Karthik, 
M. Rahul Sai 

Krishna, 

A. Mary Posonia 
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5 2020 Real Estate 
Value Prediction 

Using Linear 

Regression [1] 

N. N. Ghosalkar and 
S. N. Dhage 

 

Fourth International 
Conference on Computing 

Communication Control 

and Automation 

(ICCUBEA) 

To 
predict 

house 

prices in 

Mumbai 
city with 

Linear 

Regressi
on.  

Linear 

Regressi

on 
method 

gave 

least 
error 

6 2017 Predicting the 

housing price 

direction using 
machine learning 

techniques [2] 

 

D. Banerjee and S. 

Dutta, 

IEEE International 

Conference on Power, 

Control, Signals and 
Instrumentation 

Engineering (ICPCSI), 

2017 

This 

work 

consider
s the 

issue of 

changing 
house 

price as 

a 
classific

ation 

problem 

and 
applies 

machine 

learning 
techniqu

es to 

predict 

whether 
house 

prices 

will rise 
or fall.  

7 2017 Modeling House 

Price Prediction 

using Regression 
Analysis and 

Particle Swarm 

Optimization[4] 

Alfiyatin, Adyan 

Nur, et al. 

International Journal of 

Advanced Computer 

Science and 
Applications 8.10 (2017) 

Predict 

the 

house 
prices in 

Bangkok

, 
Thailand

, to assist 

the 
estate 

develope

rs to 

evaluate 
their 

property 
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and 
allow 

customer

s to 

decide 
the right 

time to 

buy 
property. 
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Chapter 3 

Data Handling  

Data is often incomplete, inconsistent, and quite often difficult to collect and share. However, 

the emergence of Data engineering, Data Science and other allied fields have made data 

acquisition, data processing and data analysis, much more approachable and very popular 

across several domains.  However, data is not available in readily processable format. It has to 

be preprocessed before it can be selected for any kind of analysis.  

The dangers of using raw data is that such unprocessed data can lead to analysts getting 

incorrect understanding of the data. Information made on incorrect understanding can lead to 

wrong decisions. Wrong decisions will seriously affect the organizations’ decision-making 

process at all levels of the management and affect the department branches day to day 

operations and forecasted.[6]  

Types of data - Data is mainly divided into two types, quantitative and qualitative.  

 Qualitative – They are of two types, Nominal & Ordinal, Nominal is the yes or no type 

of variables, whereas Ordinal variables have a finite set of distinct values (Excellent, 

V.Good, Good, Fair ,Poor etc.) 

 Quantitative - They are of two types, Discrete and Continuous. Discrete values    pertain 

to values which are fixed and never changing with time. They are obtained by counting 

sometimes like the number of gold medals won by a country or athlete at the Olympics 

in a particular year or the number of arrival flights on a particular day, in an airport . 

The value of continuous variables may change like temperature of a place, price of an 

item etc. 

 

Centrality Measures – These values help us identify the central tendencies in the data 

 Mean is equal to the sum of all the values in the data set divided by the number of values 

in the data set. 

 The median is the middle score for a set of data that has been arranged in order of 

magnitude. 

 The mode is the most frequent score in our data set. (This is the only central tendency 

measure that can be used with nominal data, which have purely qualitative category 

assignments.) 

 If these 3 values are equal then we can say that we have a uniform distribution. 

 The normal distribution is the probability distribution that is symmetric about the mean. 

It is also known as bell curve. 

 Properties: In a standard normal distribution, mean is zero and standard deviation is 1. 

It has a zero skewness. In such a distribution, the Mean = Median = Mode 
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Identifying the dispersion in data 

 Measures of dispersion: It indicates how large the spread of distribution in around the 

central tendency.  

 Range: Range is the simplest of all measures of dispersion. It is calculated as the 

difference between maximum and minimum value in dataset.  

Range = X(maximum) - X(minimum) 

 Interquartile range (IQR): It is a measure of variability, based on dividing a data set into 

quartiles i.e. into four parts represented by Q1, Q2,Q3 and Q4. The IQR is least affected 

by outliers. 

IQR = Q3 - Q1 

 Standard Deviation: It is a measure of how spread out the numbers in a distribution are. 

It is the measure of dispersion of a data from its mean. Denominator term for Sample 

is n-1 

Assume a population with “N” items. Suppose that we want to take samples of size “n” 

from that population. If we could list all possible samples of “n” items that could be 

selected from the population of “N” items, then we could find the SD for each possible 

sample. 

1. Histogram is bar chart which represents a frequency distribution. 

 

 

Figure 1 Histogram 

                 Horizontal axis of the histogram represents the data points within an interval called                    

                  as “bin” and vertical axis represents the corresponding “frequency” 
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Box and Whisker Plot  

It displays the Five-Point summary of the data i.e., minimum, first quartile, median, third 

quartile, and maximum 

 

Figure 2 Box Plot and Distribution Shape 

In a box plot, box is from the first quartile to the third quartile.  

A vertical line goes through the box at the median. 

 Minimum value represented through a Whisker is (Q1 -1.5* IQR) 

 Maximum value represented through a Whisker is (Q3 + 1.5* IQR) 

Any point which is below the Minimum Value and/or above the Maximum value is an outlier. 

Data Cleaning - It is very important to deal with outliers and Null or NAN values before 

analysis on the dataset. 
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CHAPTER 4 

Software and Hardware Specifications 

Software Requirement  

1. Anaconda Navigator and Jupyter Notebook  

2. Python Version 

 

Step 1 - Anaconda Navigator Installation – This is an open source, free toolkit for single users 

to perform data science tasks. Download the Anaconda Navigator from the official site. Select 

the Installer for the Windows Operating System. 

Figure 3 Anaconda Installers 

 

  

Figure 4 Anaconda Installation Window 
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Figure 5 Select Installation type 

     Step 2  -  Select Drive to store Anaconda installation files 

 

Figure 6 - Store Anaconda installation files 
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Figure 7 Click Install to complete installation 

 

 

Figure 8 - Click Finish to complete Setup 
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1. Step 2 – Launching the Jupyter Notebook  

 

 

 

2. Python Programming language  

      It is one of the fastest growing programming languages. Great functionality to deal with        

     mathematics, statistics, and data science applications. Easy to use, easy to debug  

     language that also caters to people with non-programming backgrounds 

     There are various Python libraries assist programmers and data scientists to deal with data          

     and solve not only business problems but any other domain dealing with data based  

     problems , that require some kind of statistical analysis. 

    The Pandas library is used to process data. It provides the necessary tools for data  

   cleansing and analysis. It is used in Python to create the data frames for storing and  

    processing the data values. 

Figure 9 Jupyter Note Book Launcher 
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Table 2 Pandas Library 

 

 -The Seaborn library is a data visualisation library that provides visualisation for 

statistical models and informative plots. It is integrated with Matplotlib library. 

 -The Matplotlib library is a comprehensive library for producing static, animated and 

interactive plots. 

 -The Pyplot package in Matplotlib library is used for plotting 2D graphs. 

 -The NumPy library is used for working with Arrays. NumPy arrays are 

multidimensional. -They are faster and consume less memory than Python lists. 

Hardware Requirement 

 OS NAME-Microsoft Windows 10 Home Single  Language 

 SYSTEM MODEL-HP Laptop 15s-fq2xxx 

 Proessor-11th Gen Intel® Core™i5-1135G7@2.40GHz,2419 Mh 
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Chapter 5 

Exploratory Data Analysis & Data Visualization  

What is Exploratory Data Analysis (EDA)? 

The EDA process involves the use of visualization techniques and statistical methods. EDA is 

crucial step to understand various aspects of the dataset that we have selected for analysis. We 

can summarize all the important information regarding a particular dataset in this way.  

The main purpose to employ EDA is to help the analyst complete the first step of the data 

analysis. It is very important to acquire a good understanding of the data. Starting with basic 

information such as the number of entries in the dataset, to the number of variables, mean,  

mode and median value of each numerical  variables in the dataset 

Another important reason to employ EDA tools is help the analyst spot any missing values or 

extreme values (outliers) in the given dataset. After detecting such values, the best strategy to 

handle unclean data can be employed. In this HousePricePrediction project Python tools will 

be employed to perform EDA. 

It is the visual representation of data and its helps to observe, communicate patterns and trends 

with naked eye.  Data visualization helps to communicate information in a manner that is 

universal, fast, and effective. 

Communicating insights to non-technical decision makers is one of the most critical phases in 

a data science project 

Python Libraries for Visualization 

 Matplotlib is one of the most popular libraries for data visualizations. It provides high-

quality graphics and a variety of plots such as histograms, bar charts, pie charts, etc.  

 Seaborn is complementary to Matplotlib and it specifically targets statistical data 

visualizations. 

Univariate Analysis involves the study of how  

 continuous variables say X, is distributed within a dataset. An example would be 

distribution of male or female employees in a dataset. A Histogram is drawn to visualise 

this analysis. 

 the count of the value of a categorical variable X in each category of the dataset.  

An example would be Distribution of Bachelor, Masters and Research Degree students 

in a university.  A Count plot is used to visualise this analysis. 

Bivariate Analysis involves the study of how  

 continuous variable X with another Continuous variable Y and how they are correlated. 
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An example would be Distribution of rainfall with temperature of a place. A scatterplot 

is used to visualise this analysis. A Scatterplot is drawn to visualise this analysis. 

 continuous variable Y changes over time. An example would be Sale of umbrellas 

during the year. A Line Plot is used to visualise this analysis. 

 continuous variable X changes with a categorical value Y. An example would be how 

does the number of tourists in a place vary with months of the year. A Box Plot or 

Swarm plot is used to visualise this analysis 

 categorical variable X changes with categorical variable Y. An example would be how 

many diabetes patients are across various age groups. A Stacked Bar plot is used to 

visualise this analysis. 

A saying around matplotlib and seaborn is, “matplotlib tries to make easy things easy and 

hard things possible, seaborn tries to make a well-defined set of hard things easy too.” 

Some important functions are displot(), boxplot(), stripplot(), pairplot() 

 Scatter Plot - A scatter plot uses dots to represent values for two different numeric 

variables. The position of each dot on the horizontal and vertical axis indicates values for an 

individual data point. Scatter plots are used to observe relationships between continuous 

variables. 

 Bar Plot - A bar chart is a chart that presents categorical data with rectangular bars with 

heights or lengths proportional to the values that they represent. The bars can be plotted 

vertically or horizontally. 

o Stacked Bar plot - Stacked Bar plots are used to show how a larger category is divided 

into smaller categories and what relationship each category of one variable has with 

each category of another variable. 

 Line Plot  

A line graph is a graphical display of information that changes continuously over time. 

 Histogram and skewness in data 

A histogram is a graphical display of data using bars of different heights. In a histogram, each 

bar groups numbers into ranges. Skewness refers to distortion or asymmetry in a symmetrical 

bell curve in a set of data.  If the curve is shifted to the left, it is called left skewed else it is 

called right skewed.  

 Count Plot 

 Count plot shows the count of observations in each category of a categorical variableusing    

bars. A count plot can be thought of as a histogram across a categorical, instead of continuous, 

variable. 

 Box Plot  

A box plot is a type of chart often used in exploratory data analysis to visualize the distribution 

of numerical data and get an idea about the skewness and outliers in the data by displaying the 

items included in the five-point summary. The five point summary includes: 

-Q1 (the first quartile, or the 25% mark) 

-The median (the second quartile, or the 50% marks) 

-Q3 (the third quartile, or the 75% mark) 
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 Swarm Plot 

Swarm is like a categorical scatterplot with non-overlapping points. The data points are 

adjusted so that they don’t overlap. This gives a better representation of the distribution and 

spread of values. 

Quantitative analysis: Describes and summarizes data numerically 

Visual analysis: Illustrates data with charts, plots, graphs etc.  

Key Libraries for Data Manipulation - NumPy & Pandas  

 Numpy - Numerical Python, Fundamental package for scientific computing. A powerful N-

dimensional array object – ndarray. Useful in linear algebra, vector calculus, and random 

number capabilities, etc. If you use the Anaconda distribution, you will automatically be able 

to use the common libraries, NumPy being one of them. 

 Pandas - Extremely useful for data manipulation and exploratory analysis. Built on top of 

NumPy. Offers two major data structures - Series & DataFrame.A DataFrame is made up of 

several Series - Each column of a DataFrame is a Series.In a DataFrame, each column can have 

its own data type unlike NumPy array which creates all entries with the same data type. 

Plots for Data Visualisation  

 Distribution Plot 

A distribution plot is a method for visualizing the distribution of observations in data. Relative 

to a histogram, a distribution plot can produce a graph that is less cluttered and more 

interpretable, especially when drawing multiple distributions 

 Pair Plot 

It is used to visualize relationship across multiple combination of variables in a dataset. 

It gives a square matrix of plots where each numeric variable in data will by shared across the 

y-axes across a single row and the x-axes across a single column. 

The diagonal plots are univariate distribution plot. 

The plot in the figure shows the pairwise relation between all three variables of the mpg data 

from Searborn -  horsepower, weight, and acceleration. 

 Heatmap 

 It is used to visualize the spread of values as a rectangular table using color-encoding  to 

highlight very low and very high values.  
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Chapter 6 

Machine Learning  

  

The Machine Learning (ML) programming paradigm is a different from the traditional programming 

paradigm as it aids programmers and analysts to build models that support decision-making for new 

data input points by using pre-existing knowledge or data. Machine Learning frees the programmer 

from the task of making “complex flowcharts or hand-coded rules” to make predictive models. [6] 

 

Figure 10 Traditional Programming vs. Machine Learning Paradigms [7] 

Reasons for using Machine Learning paradigm  

The ML paradigm allows for creating reusable code to make faster and better decisions. This 

Paradigm requires that enough data (historical) is available to based our predictions. The paradigm 

has helped to provide solutions across multiple domains where in large volumes of data are available. 

Machine Learning algorithms are the main drivers of this model, these lagorithms and newer versions 

are used to perform selected tasks and these algorithms learn from historical data to make accurate 

predictions.  

The ML algorithms are applied on tasks that require classification for example , classifymng emails as 

spam or not spam. Regression involves tasks where a numerical value is to be predicted from an 

already available set of variables or regressors. Grouping or clustering which involves grouping 

similar items together from a large group of dissimilar items. 

 

Machine Learning Project Life Cycle  

• Step 1-1. Identify the problem 

- Identify type of problem: predictive analytics, prescriptive analytics.  

- Identify key people within your organization and outside Get specifications, 

requirements, priorities, budgets How accurate the solution needs to be?  
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- Do we need all the data? 

- Built internally versus using a vendor solution Vendor comparison, bench. 

- Identify stakeholder 

• Step 2 -Identify available data sources  

- Extract (or free data set) and check sample data (use sound sampling techniques)  

-Perform EDA (exploratory analysis) 

- Assess quality of data, and value available in data 

- Select tool (R, Excel, Tableau, Python)  

• Step 3 Statistical Analyses  

   -Use imputation methods as needed  

   - Detect / remove outliers Selecting variables (variables reduction)  

   -Correlation analysis  

   -Model selection (as needed, favor simple models)  

   -Sensitivity analysis Cross-validation, model fitting Measure   accuracy, provide 

confidence intervals 

• Step 4 . Implementation, development and testing  

  -Develop a simple , fast, robust and reusable and scalable application. 

 

Machine Learning Algorithms 

In the project I have write code to implement house prediction prices. Decision Trees 

algorithms are ML models that assist in decision making.   The Regression algorithm may not 

give accurate results hence we have to apply Decision Tree. 
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CHAPTER 7 

Implementation 

Objective of the project – To use Machine Learning (ML) algorithms to predict the price of 

housing units from a given dataset. 

The dataset chosen is from a Kaggle dataset (Include REF). The following is the Attributes 

Description:  

Column Description 

POSTED_BY Category marking who has listed the property 

UNDER_CONSTRUCTION Under Construction or Not 

RERA Rera approved or Not 

BHK_NO Number of Rooms 

BHKORRK Type of property 

SQUARE_FT Total area of the house in square feet 

READYTOMOVE Category marking Ready to move or Not 

RESALE Category marking Resale or not 

ADDRESS Address of the property 

LONGITUDE Longitude of the property 

LATITUDE Latitude of the property 

ACKNOWLEDGMENT: The dataset for this hackathon was contributed by Devrup Banerjee  

 

 

Linear regression is a way to identify a relationship between the independent variable(s) and 

the dependent variable 

2. We can use these relationships to predict values for one variable for given value(s) of other 

variable(s) 

3. It assumes the relationship between variables can be modeled through linear equation or an 

equation of line. 

4. The variable, which is used in prediction is termed as independent/explanatory/regressor 

where the predicted variable is termed as dependent/target/response variable. 

5. In case of linear regression with a single explanatory variable, the linear combination can 

be expressed as : Ŷ = β0 + β1X. The terms β 0& β1 are coefficients. 

Best fit line in the linear regression model 

• Learning from the data, the model generates a line that fits the data. 

• Our aim is to find a regression line that best fits the data 
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• Mathematically, the line that minimizes the sum of squared error of residuals is called 

Regression Line or the Best Fit Line. 

 

We can use the scatter plot to understand the correlation between the independent variables 

● In the example here, you can see a scatter plot between the tip amount and the  total_bill 

amount 

● We can see that there is positive correlation between these two - as the bill amount 

increases, the tip increases 

● The line in blue that you see is the ‘best fit’line - those in red are some examples of all 

other lines that are not the ‘best fit’ 

 

Deterministic vs Statistical Regression 

● Deterministic (or functional) relationships are exact. For example: Fahrenheit = 9/5 * 

Celsius + 32. Given X, Y is exactly known. See X-Y graph below (left). 

● Statistical relationships between Y and X are probabilistic (not exact). 

● For example, monthly sales of umbrellas  in a company is directly proportional to the 

average rainfall in the month. See X-Y graph below (right). 

 

 

Figure 11 Statistical relationship 

 

Run python Notebook 

Dataset Selection  

• Selecting Data that is suitable for your analysis project is a very important step of the 

Data Engg process. The dataset is IndianCitiesHousePrice. 

• There are over 400 cities and towns in the dataset. 

• So to understand how to predict the prices of houses, we can reduce the dataset to 

focus on entries from 4 major cities in India. 

Cleaning the Data 

Using Index values we can clean the dataset  of the unrequired data 

Umbrella 

Sale 

                                                    

Average Rainfall 
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index_names = data[(data['CITY'] == 'Agra')].index 

 

# drop these given row 

# indexes from dataFrame 

data.drop(index_names, inplace = True) 

   

print((data['CITY']).unique) 

 

 

Steps to clean or trim the Data 

1. From the original data set having data from over 400 cities, we have selected 4 cities -  

Bombay, Chennai, Mumbai, Kolkata. 

2. The dataset has 3,82,865 entries and 12 columns. 

3. From over three different types of Posts (Owner, Builder, Dealer) we have selected 

only those adverts, posted by Owner only. 

4. The Address column was split into two columns, address and city, to arrange the 

entries by city. 
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